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Introduction

The increased availability and access to digitized texts has lead to
the emergence of diverse new lexical resources. Recent findings
suggest that subtitles capture more variance than other corpora
based on written texts. Brysbaert and New (Brysbaert & New,
2009) attribute this superiority to our frequent exposure to active
as well as passive spoken language in everyday life. We suspect
the main reason is not the proximity to spoken language, but
rather the language’s emotionality. In this article, we compare the
emotionality and validity of a recent German linguistic database
(dlexDB; Heister et al., 2011) with film subtitles, Bild Zeitung, a
popular German tabloid newspaper, and a web corpus. We rate
emotionality with the Berlin Affective Word List (BAWL-R; Võ
et al., 2009) and use four lexical decision datasets (see Brysbaert,
Buchmeier, Conrad, Bölte, & Böhl, 2011) to compare validities. We
discuss differences between the corpora and possible consequences
for future corpus compilations.
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Developments in creating corpora

The influence of a word’s frequency in a lexical decision or naming
task is probably one of the most stable effects in psycholinguis-
tic research. Word frequency determines the base activation of
words in models of single word recognition and eye movements in
reading (e.g., spacial coding model: Davis, 2010; SWIFT: Engbert,
Nuthmann, Richter, & Kliegl, 2005). For all of these models, re-
liable word frequency measures are compulsory. A fine grained
frequency scale is nonessential for most factorial designs testing
differences between low and high frequency words. But it can re-
fine our understanding of processes in interactions of two numeric
variables (Wieling, Nerbonne, & Baayen, 2011).

For English, there have been multiple advances in optimizing and
adjusting corpora in order to obtain adequate frequency estimates
since the Brown corpus with just over 1 million tokens from English
prose (Kučera & Francis, 1967). The most recent, annotated corpus
for English is the British National Corpus (Aston & Burnard, 1998)
with 100 million tokens mostly from written texts (1980s to 1993).
Brysbaert and New (2009) compare different corpora and conclude
that there are little gains for corpora of sizes beyond 16 million
tokens.

Theoretically, corpus developers consider size, representativ-
ity (linguistic variety), and balancedness across time as neces-
sary factors for a good corpus (Gries, 2009). The DWDS corpus
(Geyken, 2007) underlying dlexDB website as well the BNC (Aston
& Burnard, 1998) have been built according to these criteria. Other
corpora such as subtitles, newspapers, HAL, or the web do not
accord with these codes of practice.

Empirically, corpora are mainly tested against reaction times
from lexical decision tasks to validate their frequency counts as
good indicators of lexical difficulty. Although there are several
newer and larger corpora, many studies still use frequencies from
the Brown corpus (Brysbaert & New, 2009). Brysbaert and col-
leagues have shown superior performance of film subtitles for
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numerous languages (English: Brysbaert & New, 2009; French:
Ferrand et al., 2010). Which corpora reseachers use in the end,
depends on numerous factors besides validity such as accessibil-
ity, linugistic and statistical diversity, and surely to a large extent,
experience and habits.

dlexDB, subtitles, and tabloid newspapers

Formerly, the majority of text collections were specific regarding
the compiled documents, ranging from newspapers and books to
chats and even educational texts. The digitalization has leed to
the emergence of large, but unfiltered and broad databases. The
dlexDB project (Heister et al., 2011) aims at combining both trends
by providing online access to a balanced, representative and large
corpus. dlexDB includes (1) frequency statistics based on words,
syllables, and characters, as well as (2) word n-grams (n = 3), (3)
word neighbors, (4) co-occurrences, (5) the possibility to get statis-
tics for non-words, (6) clippings from the original text files, and
(7) rich linguistic information such as part of speech tags, phonol-
ogy, morphology and syllabification. dlexDB aims at providing a
well-arranged interface to search its database effectively.

Search filters can be applied in dlexDB simultaneously for up
to three adjacent words and a list search enables to get statistics
for a word list uploaded by the user. Frequencies based on charac-
ters are available, making it possible to get letter frequencies for
non-words. Word neighbors for every word are already accessi-
ble online and co-occurrence frequencies are available by request.
Phonological representations and morphological decompositions
are under construction.

In contrast to linguistically balanced corpora across a range
of registers and years, an example of a new, highly specific re-
source are film subtitles, representing an economic, cost-free, and
large database. Brysbaert and colleagues have compiled subtitles
for several languages and found that frequencies based on film
subtitles consistently outperform frequencies based on written doc-
uments. Recently Brysbaert et al. introduced subtitles for German,
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SUBTLEX-D, and again show their high correlations with reaction
time data (Brysbaert et al., 2011).

Newspapers are also specific, but large databases that researchers
have access to. Newspapers are heavily edited text with poten-
tially specific terminology. A reputable newspaper, readers believe
is unbiased and mostly free of emotional judgments. The two
newspaper in the United States with the highest circulation are
the Wall Street Journal with over two million sold copies per day
and in second place the USA Today, a tabloid newspaper 1. A look
over the documents in the Brown Corpus reveals that seemingly
tabloid newspapers were deliberately kept out of such corpora de-
signed for linguistic research. The language and themes of tabloid
newspapers is quite different from newspapers like the Wall Street
Journal or The New York Times. Tabloid journalism (sometimes
also Yellow Press) tends to personify themes and aims at inducing
strong emotional responses from the readers (Mittelberg, 1967).
Stories are exaggerated, sensationalized, and often opinionated,
simplifying facts to make them easier to understand. Along with
the high coverage, the language register is simple and the range of
topics is broad, often focussing on personal incidents of celebrities
or personalizing stories. For German, Bild presents a promising
source to fill the gap between film subtitles and corpora compiled
from written documents used so far. First, the Bild newspaper sells
nearly 3 million copies on average per day (http://www.ivw.de/)
whereas the second ranked paper, Süddeutsche Zeitung, a newspa-
per comparable to the New York Times, already sells less than half
a million.

Rating corpus emotionality

There are attempts to automatic annotation of emotions in texts by
calculating co-occurrences with words that have explicit affective
meaning (e.g., Strapparava & Mihalcea, 2008). For our analyses
we use the Berlin Affective Word List (BAWL-R; Võ et al., 2009)

1http://abcas3.accessabc.com/ecirc/newstitlesearchus.asp
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to distinguish between words of different emotionality. The list
contains subjective ratings about a word’s emotional content along
two dimensions: valence, ranging from pleasant to unpleasant, and
arousal, ranging from calm to excited. The BAWL-R does not make
a distinction between direct affective words (“joy”) and indirect
affective words that indicate emotional states (“killer”).

Current study

Our interest is twofold: first, classifying corpora for their emotion-
ality, and second, test if their validity is different dependent on
the emotionality of words. We are not interested in the reaction
times per se, but note that emotional words are regarded to be
processed faster than neutral words (Võ, Jacobs, & Conrad, 2006;
Kousta, Vinson, & Vigliocco, 2009). In a first step, we compare the
type-token ratios of dlexDB, subtitles, and Bild. We expect lower
ratios for subtitles and Bild, reflecting a simpler language register.
We compare the validity of the corpora by correlating the respective
frequencies with data from four lexical decision experiments also
used in Brysbaert et al. (2011). In addition to dlexDB, subtitles, and
Bild, we include the four registers in dlexDB (newspaper, fiction,
non-fiction, science) we include a second newspaper corpus and
a German web corpus. We compare the emotionality of dlexDB,
subtitles, and BILD with words from the BAWL-R (Võ et al., 2009)
with the expectation that the vocabulary in spoken language (sub-
titles) and tabloid newspapers (Bild) is more emotional than in
other texts. More fine grained frequency distributions for emo-
tional words should consequently lead to higher correlations with
reaction times.

Method

Materials

Word stimuli from four lexical decision tasks were kindly provided
by Markus Conrad (see also Brysbaert et al., 2011). For experiments
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1a-c mean reaction times and accuracy levels from 29 undergradu-
ate students were available for 460 words. Experiment 2 involved
means for 451 words from forty undergraduate students. Words
from experiments 1 were presented in three different non-word
conditions. Experiment 1a contained easy discriminable non-words
(i.e., non-words containing low frequency letter combinations mak-
ing pronunciation difficult), 1b has the same non-words includ-
ing additional 53 pseudohomophones (non-words sounding like
words), and 1c has difficult pseudowords (easily pronounceable
and with high-frequency letter combinations). A second set of 451
words (experiment 2) stem from another lexical decision task with
slightly less frequent words than in experiment 1 and similar to
experiment 1c, easily pronounceable non-words.

Corpora

We compare five corpora. (1) The DWDS main corpus (Geyken,
2007) underlying dlexDB (102.222.987 token; after filtering
94.477.694; 79.830 documents) including four subsets from dif-
ferent registers (newspaper, non-fiction, science, fiction), analog to
SUBTLEX-DE we compiled (2) a corpus from German film subtitles
(7.032 film subtitles downloaded from http://www.opensubtitles

.org/de; 32.519.032; token after filtering 29.742.283), two current
German newspapers, (3) the Berliner Zeitung (1994–2005; 252 mil-
lion token) and (4) the Bild newspaper (2006–2010; 97.529.669 token;
after filtering 87.763.114; 548.000 documents), and a (5) German
web corpus (deWaC; (Baroni, Bernardini, Ferraresi, & Zanchetta,
2009); 1.2 billion token). We only included alphabetical characters
and words that passed a spelling check for the type-token anal-
yses. Subtitles containing a high percentage of foreign language
terms were also excluded. Due to the many misspellings in dlexDB,
we see the filtering as a precondition for a valid comparison of
type-token ratios. Frequencies for dlexDB were calculated online
on the dlexDB website (http://dlexdb.de), whereas frequencies
from the registers were calculated off-line.
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We newly compiled film subtitles instead of using the subtitles
of SUBTLEX-DE (Brysbaert et al., 2011) since meanwhile the subti-
tle data base has been extended significantly, SUBTLEX-DE uses
case-insensitive frequencies, and because we wanted to exclude
foreign language films. Table 4.1 shows the correlations for 896
unique words in the 4 lexical decision experiments with all cor-
pora. Correlations are as low as r = .71 between subtitles and
Berliner Zeitung and the highest correlation is for web and dlexDB
r = .89. The correlation of subtitles and Bild r = .78. Our case
sensitive subtitle frequencies correlate with the SUBTLEX-DE val-
ues used in Brysbaert et al. (2011) with r = .92 (case-insensitive
r = .93)2. The results reported below do not change significantly
for case-insensitive frequencies.

Table 4.1: Correlations for 896 words: dlexDB, subtitles, Bild, Berliner Zeitung, and
web

dlexDB subtitles Bild web
subtitles .74
Bild .76 .79
web .89 .78 .85
Berliner Zeitung .81 .71 .87 .89

All frequency values are normalized per million and log trans-
formed. Before normalization “1” is added, eliminating frequencies
of “0”. In effect this leads to negative frequencies values after log
transformation for words with frequencies lower than 1 per million.
Lemma frequencies and document frequencies do not explain more
variance than type frequencies and are therefore of no further inter-
est here (see Brysbaert & New, 2009; Adelman, Brown, & Quesada,
2006).

2This correlation is elevated to r = .97 (case-insensitive r = .99), if “1” is added
after (not before) normalization.
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Results

We start off by comparing the type-token ratios of dlexDB, subti-
tles, and Bild. The validity of each corpus is estimated with the
reaction times from all four lexical decision tasks. In the second
part, we estimate the emotionality of dlexDB, subtitles, and Bild for
words with subjective emotional ratings in BAWL-R. For a subset
of these words, namely those also appearing in the four lexical
decision tasks, we repeat the validity analyses split according to
emotionality.

Type-token ratio

Mittelberg (1967) already showed that the average sentence length
in the Bild newspaper is shorter than in a comparable fiction
document. Compared to dlexDB and the subtitles, the mean lengths
of nouns, verbs, adjectives, and adverbs are shorter in the Bild
newspaper (subtitles 6.3; dlexDB 7.9; Bild 7.4 letters). There is
no length difference for articles (subtitles 3.3; dlexDB 3.2; Bild 3.2
letters).

An index for the lexical diversity is the type-token ratio, that is
the ratio of unique words (types) to all words (tokens) in a text.
The ratio is dependent on the text size as seen in Figure 4.1. Never-
theless, Figure 4.1 shows that subtitles differ greatly from dlexDB
and Bild which are similar in their lexical diversity. Nouns have
the highest type-token ratio and verbs the lowest. Consequently
there are many different nouns compared to verbs. The differences
between corpora are negligible for verbs. The Bild newspaper has
fewer different adjectives/adverbs, but more different nouns than
dlexDB. Taking into consideration that we included a spell-check,
Bild has a larger number of different words than dlexDB when
regarding samples above 40 million. The low type-token ratio in
subtitles is also a consequence of 37 % of the types appearing only
once, whereas in dlexDB and the Bild newspaper this value rises
to 50 %3.

3The spell-check raises the type-token ratio of dlexDB from 0.0106 to 0.0232.
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Figure 4.1: Type-token ratios for different word categories in dlexDB, subtitles, and
Bild

Validity: Effects of task difficulty

Overall, reaction times in experiment 1a and 1b were as expected
fastest. The error rate in experiment 2 is elevated due to the lower
frequency words and the higher difficulty of non-words. A speed-
accuracy trade-off cannot explain this slowing down in experiment
2 since reaction times are as long as in experiment 1c.

We calculated coefficients of determination R2 based on a linear
regression analyses with linear and quadratic components of log
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frequency as predictors and negative reciprocal reaction time in
seconds as dependent variable (see Kliegl, Masson, & Richter, 2010
for an explanation of this transformation). The square root of
the coefficients of determination (R) for each corpora, respectively
subcorpora are shown in Table 4.2. If there is a significant increase
in R2 for the quadratic component (p ≤ .05), the respective R
is marked with †. R can be interpreted analog to a correlation
coefficient r 4.

The influence of frequencies on reaction times is highest for ex-
periments 1c and 2 (Table 4.2), although statistically not significant.
The quadratic terms only boost the impact within the registers of
dlexDB. The R for three of four registers closely match the entire
corpus (e.g., .51. < R > .54 for experiment 1). Science documents
consistently underperform across all experiments. Berliner Zeitung
and Bild do not differ significantly to dlexDB. Subtitles perform
high as expected, but the difference to Bild is never pronounced.
Interestingly, the performance of web-based frequencies matches
the subtitles’.

The explained variation relating to accuracy levels is lower than
for reaction times. Only in experiment 2 with R = .63 the level

4Pearson-correlations coefficients can be compared using Fischer’s z-
transformation. For independent samples:

t =
z1 − z2√

1/(n1 − 3) + 1/(n2 − 3)
(4.1)

with

zn = 0.5 ∗ ln
(

1 + rn

1− rn

)
(4.2)

For dependent samples of size n with x, y, and z :

t =
(rxy− rxz) ∗

√
(n− 3) ∗ (1 + ryz)√

2(1− rxy2 − rxz2 − ryz2 + 2 ∗ rxy ∗ rxz ∗ ryz)
.

Using equation 4.1, the difference between r1 = .4 and r2 = .5 is marginally
significant for two independent samples e.g. corpus frequencies for experiment
1a and 1b (n1 = n2 = 460 observations, two tailed test, t = 1.9; but already with
e.g. r1 = .45 and r2 = .55, t = 2!).

Using equation 4.2, for dependent samples e.g. two corpus frequencies for
n = 460 reaction times in one experiment (two tailed test): rxy = .4 and rxz = .5
and ryz = .8, t = 3.9.
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Table 4.2: Task effects: Corpus frequencies with reciprocal reaction times and cor-
rectness (R with linear and quadratic component)

dlexDB
Exp. all news non-fiction science fiction BZ subtitles Bild web
1a

LDT

.54 .51† .53† .49† .53† .54 .59 .56 .58
1b .53 .57† .51† .46† .53† .54 .56 .57 .58†

1c .61 .50† .59† .54† .59† .63 .66 .66 .67
2 .62 .59† .62† .51† .60† .62† .66 .62 .68

1a

LDA

.36 .38 .34† .32† .35† .34† .36† .36† .39†

1b .40† .40 .36† .38† .36† .41† .42† .41† .49†

1c .36† .37 .33† .33† .29† .43† .40† .44† .47†

2 .55† .47† .55† .40† .47† .58 .59† .60† .63†

† . . . In addition to the linear component, the quadratic component of the
linear regression is significant.

LDT . . . lexical decision time
LDA. . . lexical decision accuracy

is equally high. In contrast to reaction times, most quadratic
components are significant. The registers of dlexDB do not reach
the impact of the entire dlexDB frequencies. The levels of accuracy
predicted by subtitles are similar to those of both newspapers. This
time, web-based frequencies outperform all other frequencies.

Emotionality of a corpus

We compare the usage of the 2902 words in the revised Berlin
Affective Word List (BAWL-R; Võ et al., 2009) to detect differ-
ences in emotional quality between corpora. BAWL-R contains,
amongst others subjective ratings from 200 psychology students for
arousal (5-point scale) and emotional valence (7-point scale). The
correlation between dlexDB and subtitle frequencies for the words
contained in BAWL-R is r = .77 which is close to the correlation
r = .74 between subtitles and dlexDB for the unique words in the
experiments 1-4. We categorize the BAWL-R into three equally
sized valence and arousal groups respectively. Some of the words
in BAWL-R with the lowest arousals are sleep, silent, and rest. Ex-

37



Julian Heister, Reinhold Kliegl

Table 4.3: Emotions in corpora: Mean frequencies dependent on valence and arousal
for 2902 words in BAWL-R

dlexDB subtitles Bild
Valence

Negative 1.32 (1.7) 1.09 (2.0) 1.09 (2.0)
Neutral 2.08 (1.7) 1.56 (1.9) 1.78 (1.9)
Positive 2.20 (1.8) 1.99 (2.0) 2.23 (1.8)

Arousal
Negative 2.03 (1.8) 1.51 (2.1) 1.75 (2.0)
Neutral 1.96 (1.9) 1.56 (2.0) 1.75 (2.0)
Positive 1.60 (1.7) 1.57 (1.9) 1.59 (1.9)

Overall 1.87 (1.8) 1.55 (2.0) 1.70 (2.0)

amples for words with the highest arousals are war, panic, and
massacre, but also eroticism and birth. The correlation of r = −.48
between valence and arousal is mainly due to high arousal of
negative words.

Overall, words from BAWL-R are higher frequent in dlexDB than
any other corpus (Table 4.3; e.g., dlexDB vs Bild: t = 7.32, d f =

2901). Most words in all corpora are positive whereas negative
words appear least. Only in dlexDB neutral words are as frequent
as positive words (t = 1.5, d f = 2926). Frequencies of low and
medium arousal words do not differ in any corpus. In dlexDB low
and medium arousal words are more frequent than high arousal
words (e.g., medium vs high: dlexDB t = 4.46, d f = 1903). This
difference is not significant in subtitles and Bild (e.g., Bild: medium
vs high: t = 1.69, d f = 1924).

Words with the highest residuals in a regression model reveal
emotional words typical for dlexDB and the web. The residual
scores indicate overestimated or underestimated words when pre-
dicting one frequency measure on the basis of the other. We do
this for BAWL-R split by emotional valence for dlexDB, subtitles,
and Bild. We expect to find fewer neutral words in subtitles and
Bild, that is overestimations by dlexDB.
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Negative, high arousal words typical for subtitles are (shock, killer,
homicide, tumor). Typical positive words are often short, concrete
words (sex, safe, walnut, pizzeria, puppy, job). This is also the case for
neutral words (vampire, pirat, poker, shark). Typical negative words
in dlexDB are terms from politics and economy (political party,
industry, negation). Neutral words in dlexDB are often abstract,
for example words ending in “ung”, a verb-noun transformation
(“Herstellung” engl. designing, “Stimulierung” engl. stimulation).
Some words in dlexDB are clearly outdated (“Unlust” for reluctance).
The only noteworthy difference between subtitles and Bild are for
negative words. Typical for subtitles are words referring to persons
and themes as one would expect in thrillers (abnormity, scoundrel,
idiot), while many negative words refer to politics and sports in
Bild (per mill, coalition, chancellor, relegation, strain).

Validity: Effects of emotionality

Knowing something about the emotionality of a corpus does not
clarify the question whether the validity rises accordingly. To
examine this, we calculate mean reaction times and accuracies
for 360 words across all four experiments and assign emotional
valence from the revised Berlin Affective Word List (BAWL-R; Võ
et al., 2009). We compare the validities of frequencies with linear
regressions (linear and quadratic component) separately for 130
positive, negative, and neutral words respectively.

Table 4.4 shows the results for dlexDB, subtitles, and Bild. All cor-
pora predict negative words best and positive words are predicted
worst. The inferior performance for dlexDB across experiments
(Table 4.2) stems from positive words (regarding reaction time) and
negative words (regarding accuracy).

Discussion

The similarities in performance of subtitles and Bild challenge pre-
vious assumptions that subtitles outperform other corpora because
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Table 4.4: Corpus frequencies with reciprocal reaction times and correctness split
by valence or arousal: R with linear and quadratic component (mean
reaction time and mean accuracy across all 4 experiments = 390 words
with emotional values from BAWL-R)

Valence dlexDB subtitles Bild
Negative RT 0.65 0.68 0.68
Neutral 0.51 0.55 0.59 (0.55)
Positive 0.42 0.53 0.52
Negative Accuracy 0.49 0.60 (0.52) 0.66 (0.55)
Neutral 0.45 0.50 (0.47) 0.54 (0.51)
Positive 0.36 0.36 0.33

they depict spoken language. Brysbaert et al. (2011) presume, lan-
guage representation to be based on everyday conversations. We
suspected pivotal for most peoples’ language representation and
processing is also the respective emotional quality. We assumed
that subtitles and the Bild newspaper closely fit this assumption,
manifest in short sentences with highly emotional content as a
print of everyday conversations.

Contrary to our expectations, Bild has the highest type-token
ratio for samples larger than 40 million as a result of more different
nouns compared to dlexDB. Overall, subtitles have a far higher
tendency of words being repeated (low type-token ratio), less words
appearing only once, and shorter words. Note that we controlled
for spelling especially reducing dlexDB.

Despite normalization, frequencies in dlexDB are higher for the
words in BAWL-R. In all three copora, positive words appear most
frequent, negative least. Our speculation that Bild is similar to
subtitles in the use of emotional words is verified at least partly.
We do not find the expected higher usage of emotional words in
Bild or subtitles, but there are more neutral as well as low and
medium arousal words in dlexDB than in subtitles or Bild. Words
in subtitles refer to specific, often arousing themes while dlexDB
includes more abstract words with sometimes archaic terminology.
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In contrast to subtitles, the Bild newspaper includes terms referring
to incidents in politics as well as sports. Words typically used in
spoken speech as they appear in subtitles are underrepresented in
dlexDB, and Bild.

Regarding the validity of five corproa with lexical decision times
and accuracy levels showed a stronger influence for task difficulty
than corpus. A difficult task (low frequency words in combination
with difficult pseudowords, experiment 1c and 2) leads to longer
reaction times boosting correlations with frequencies. We do not
find the clear-cut outperforming of subtitles advocated by Brysbaert
et al. (2011). Bild frequencies perform as well as subtitles, both
correlate higher with reaction times than dlexDB. The frequencies
based on the registers of dlexDB show that scientific articles do not
contribute to the entire corpus performance. We do not find any
superiority for document frequencies as suggested by Adelman
et al. (2006) and no advantage for case-insensitive frequencies
(Brysbaert et al., 2011).

The stronger influence of subtitle and Bild frequencies compared
to dlexDB is at least partly attributable to a word’s emotionality.
Generally, negative words are predicted best by frequency, while
correlations with frequency are lowest for positive words. The
partly better performance of subtitles and Bild compared to dlexDB
for positive and negative words supports the notion that it is not
frequency, but emotionality in a corpus that is important. The
poor predictions for positive words could be a consequence of their
higher frequencies compared to negative words.

It is remarkable that, despite their distinct lower type-token ratio,
subtitles with 30 million token are as good as larger corpora in
accounting for frequency effects in lexical decision experiments.
This fits the conclusion in Brysbaert and New (2009) that a corpus
of 30 million token is sufficient. While Brysbaert et al. (2011) see the
high validity of subtitles in the simplicity of spoken language, we
show that this effect is independent from lexical diversity. Rather
the uniqueness of both corpora lies in their emotional language
(Mittelberg, 1967).

41



Julian Heister, Reinhold Kliegl

Outlook

We are well aware that what we refer to as validity is obviously
very limited. The usage and provision of lexical decision data for
validation (e.g, Balota et al., 2007) has at least three constraints
that should be kept in mind. First, all data stem from single word
lexical decision or naming tasks. This may be a shortcoming in
the future, since the unique contribution of single word frequency,
when other lexical properties are partialled out, is only around 4 %
(Baayen, 2010).

Second, the overrepresentation of archaic terms and the low va-
lidity of the science register in dlexDB necessitates rethinking of the
data base. For dlexDB this questions the inclusion of documents
before e.g. 1950 or scientific documents. In contrast, the underrep-
resentation of words typically used in spoken speech in dlexDB
compared to subtitles suggest the inclusion of such transcribed
spoken speech into other corpora. The consequences of corpus
cleaning via spell-checks calls for some closer investigation of how
this influences other statistical measures.

Third, researchers have to acknowledge that experimental data
stem mainly from undergraduate linguistic or psychology students
making a corpus at most representative of their linguistic abilities.
What we then consider as a universally representative corpus will
in some way only be representative of a specific group of people.
Word difficulty, manifest in its frequency, is different according
to a person’s age, language experience, and social background.
In the future, frequencies can possibly be adjusted to catch these
individual differences. One aim is possibly to compile corpora
dependent on an individual’s language abilities. Our results sug-
gest that Yellow Press language and possibly the web seem to be a
promising complement to subtitles.

Contact: Julian Heister <heister@uni-potsdam.de>
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